




in KEGG. The various major sources of interaction/
association data in STRING are benchmarked independ-
ently; a combined score is computed which indicates
higher confidence when more than one type of informa-
tion supports a given association. All scores and
association data in STRING are pre-computed and are
also available for wholesale download (free for non-profit
institutions). Fully sequenced genomes in STRING are
imported from RefSeq (45) and Ensembl (46), as well as

from a number of dedicated sites, and are hand-screened
for completeness and non-redundancy. For this large
space of complete genomes, STRING also stores the
results of exhaustive cross-genome homology searches,
in order to be able to transfer interactions among
organisms. As of version 9.0, this extensive body of
protein–protein similarity data is imported from and
cross-linked with the Similarity Matrix of Proteins
(SIMAP) project (47).

Figure 1. Protein network visualization on the STRING website. The figure shows a composite of two screenshots, illustrating a typical user
interaction with STRING (focused on a specific protein network in Saccharomyces cerevisiae). Upon querying the database with four yeast
proteins, the resource first reports a raw network consisting of the highest scoring interaction partners (upper left corner). This network can then
be rearranged and clustered directly in the browser window revealing tightly connected functional modules (arrow). For each interaction (or protein),
additional information is accessible via dedicated pop-up windows; the bottom part of the figure shows an exemplary pop-up with the information
regarding a specific yeast protein.
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It should be stressed that interactions in STRING are
not limited to direct, physical interactions between two
proteins. Instead, proteins may also be linked because,
for example, they exhibit a genetic interaction or are
known to catalyze subsequent steps in a metabolic
pathway. Most associations, especially when derived
from one of the prediction algorithms, currently can
neither be specified with much precision in terms of their
mode of interaction, nor in terms of the cellular conditions
under which they occur (e.g. development time points,
environmental conditions, specific cell types, etc.).
Because of this, the fundamental unit stored in STRING
is the ‘functional association’, i.e. the specific and biologic-
ally meaningful functional connection between two
proteins. Within this definition, STRING aims to
uncover the entire space of ‘possible’ interactions for
any fully sequenced organism; it is likely that only a
subset of these interactions will be realized in any given
cell. The number of interactions stored in STRING has
grown considerably over the years and is projected to
grow further as more information becomes available.

Previous versions of the resource are kept accessible
online, such that studies that refer to a given version of
STRING can later be reproduced.

Integration with other resources

One central aim of the STRING project is to achieve and
maintain cross-connectivity and integration with other
public resources in a user-friendly manner. Apart from
making the entire SQL database back-end available for
download (free for non-profit institutions), this is mainly
achieved via the following routes:

First, the database maintains mutual HTML
cross-references with a number of widely used websites,
including UniProt (48), SMART (49), GeneCards (50)
and SwissModelRepository (44). Notably, such cross ref-
erences do not have to be limited to simple text-based
HTML links. Instead, partner websites can embed
minimized icon-previews of STRING networks within
their own web pages, using the capabilities of STRINGs
API interface (as described in the last update) (40).
The SMART and SwissModelRepository sites already

Figure 2. Association counts and data sources. The table shows the number of pair-wise protein–protein associations processed for STRING
(version 8.3), listed separately for three important model organisms as well as for the database as a whole. The associations are counted
non-directionally, i.e. protein pairs A–B and B–A are counted only once. Identical associations reported by different sources are counted separately
under each source, unless they can be traced to the very same publication record and have been imported from primary interaction databases (in case
several such databases agree on an interaction, it is arbitrarily counted for only one of them).
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use this option, requesting the network preview images—
when needed, at run time—based on pre-determined
name-space mappings. Such embedded previews do not
have to be limited to static images; external sites can
also provide pop-up windows for any protein of interest,
the content of the pop-up is then provided by STRING
[variants of this mechanism are currently used by the
resources Reflect (51) and ViralZone (http://expasy.org/
viralzone)]. As another new feature of the user interface,
permanent URLs can now be retrieved for almost all
pages served by STRING—this facilitates cross-linking
and archiving and also indexing by search engines and
meta-sites.

Second, partner websites can choose to embed the entire
STRING website into their own pages (52,53), for
example, using HTML inline frames (iframes). A notable
example for this is the BioGPS Community Gene Portal
System (53); this site provides ‘plugins’ through which
users can connect any number of external websites into
freely configurable screen layouts. A STRING plugin

has been established at BioGPS; it is currently among
the most frequently used plugins there.
Third, users can choose to work with STRING

networks from inside the Cytoscape software. Cytoscape
is a widely used open-source software framework for
network visualization and manipulation (54,55); it can
be very flexibly extended, with a rapidly growing
number of network-centered manipulation and analysis
tools. There are several options for loading STRING
data into Cytoscape: users can save a given network
from the STRING site to a local file, which can then be
opened by Cytoscape (preferably using the PSI-MI
format). Users can also query STRING directly from
within Cytoscape; this is made possible via a dedicated
plugin ‘StringWSClient’ that exposes much of the
STRING query interface, including organism disambigu-
ation. Lastly, the perhaps most important way to query
STRING from within Cytoscape is via the ‘PSICQUIC’
query interface (‘PSICQUIC Web Service Universal
Client’ in Cytoscape). PSICQUIC is a newly developed

Figure 3. Accessing STRING data from within Cytoscape. Two proteins from Escherichia coli were used as queries for the ‘PSICQUIC Web Service
Universal Client’ import-plugin of Cytoscape. Multiple databases have reported hits for these queries (upper left panel); in this case STRING has
reported the largest number of hits. The resulting four networks are largely non-overlapping, both in terms of name-spaces as well as in terms of the
actual interactors reported. The imported STRING network (right) is shown in detail; it can be used as the basis of further refinement,
post-processing and analysis in Cytoscape.

Nucleic Acids Research, 2011, Vol. 39, Database issue D565

 at M
ax D

elbruck C
entrum

 fur M
olekulare M

edizin on January 6, 2011
nar.oxfordjournals.org

D
ow

nloaded from
 

http://nar.oxfordjournals.org/


standard that allows interaction queries across a growing
number of compliant database resources (56); STRING
has implemented this standard as of version 8.3 and can
thus now be queried directly alongside a number of other
resources (Figure 3).
Lastly, a new call-back interface allows STRING to be

‘branded’ by third-party resources, who may wish to
project their own information onto the STRING name
space and thereby onto the STRING network data
(Figure 4). This allows such resources to take advantage
of the extensive user-interface features of STRING, as
well as tapping into the existing user base, with very
little additional coding effort of their own. This mechan-
ism requires no specific setup on the STRING side—
instead, our resource is simply instructed to query the
third-party site at runtime, for any additional information
that is to be displayed alongside the STRING network.
Data updates at the STRING site are usually
accommodated automatically, since the name space itself
is changed only at the major release updates.

Published use cases

STRING has been used in projects of various scales—
both in large, organism-wide studies but also in focused
projects that are restricted to a few proteins or to a single
pathway only. Studies of the latter type often make use of
STRING as a discovery tool, taking advantage of the
pre-computed and confidence-scored association predic-
tions that it provides. Examples include the discoveries
of a missing enzyme in Bacillothiol biosynthesis in
Bacilli (57), of a previously unknown chaperone subunit
in Cytochrome C oxidase assembly (58) or of a missing
enzyme in uric acid degradation in mammals (59).

Another way to use STRING is to download and
extend its relational database schema; this can, for
example, be useful for projects dedicated to additional
types of information (e.g. small molecule interactors in
the case of our partner project STITCH) (60) or for
projects wishing to rely on a single source of completely
sequenced genomes with associated homology data (e.g. in
the case of the gene orthology resource eggNOG) (61).
Users not wishing to download and install the entire
database schema have the alternative to download
compact flat-files; these contain only the actual interaction
information or information regarding the interacting
proteins themselves (sequences, identifiers, etc.).

A unique strength of STRING lies in its comprehensive-
ness, albeit at the expense of considerable false-positive
rates. Because of this, organism-wide studies represent
perhaps the most interesting use cases and they are
probably best done when they involve integration of
orthogonal data types (since this may allow the noise in
both data sets to cancel out). Examples include the filter-
ing and extension of results from large-scale genetic
screens (62,63) or the annotation of large groups of
proteins having a specific post-translational modification
(64). Another intriguing application scenario is to use
STRING for search-space reduction in epistasis screens.
This is done under the assumption that gene loci showing
genetic epistasis should also often show up as functionally
linked in STRING. Indeed, this approach has been
demonstrated to work on human association mapping
data, providing the statistical power to link up loci that
show a non-additive effect when mutated together (1,2).
Approaches such as this are expected to gain further
power, as the information in STRING becomes even
more comprehensive and precise in future updates.

Figure 4. Projecting third-party data onto the STRING web-surface. STRING provides a consistent name space that encompasses genes, genomes,
protein and interaction networks, all of which can be easily searched and browsed. These features can now be employed by external web-resources,
via a simple call-back mechanism. External resources can provide cross-links to STRING, together with a call-back address capable of serving a
simple text-based interface protocol. At run-time, STRING will then automatically call the external site and project arbitrary ‘payload’ information
onto the protein network that is being browsed. The figure shows a fictitious example scenario, served from an in-house test server. As of version 9.0,
STRING will also be able to accept protein–protein connections as payload, showing them in a dedicated ‘evidence channel’ distinct from the seven
built-in channels. Implementation details are available in the online documentation.
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